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Abstract:

The study presented in this paper compares search engines and social networking platforms in
supporting five common online tasks. Using a within-subject design with twenty-five participants,
results revealed that search engines are more effective for factual, goal-oriented tasks, while social
platforms better support opinion-based and socially driven activities. Users spent more time and
interacted more on social networks, indicating a more exploratory approach. The findings highlight the
importance of aligning platform choice with task type and suggest opportunities for hybrid systems that
combine both platforms’ strengths. The study produced recommendations for the design and
implementation of future tasks identification tools in addition to hybrid search interfaces.
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Introduction

The Web has become the central medium through which individuals access information, perform daily tasks, and
make critical decisions. Historically, conventional search engines such as Google, Bing, and Yahoo have served
as the primary gateways for information retrieval, offering powerful indexing and ranking algorithms that
facilitate the efficient discovery of relevant content [7, 8]. These platforms are particularly effective for addressing
structured and factual queries through keyword-based search interfaces [7].
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However, the rise of social networks—including platforms like Facebook, X, and Instagram—has significantly
changed how users seek and consume information [2]. Social platforms are increasingly leveraged for tasks that
benefit from real-time updates, subjective insights, or community-based knowledge sharing [16, 19]. For instance,
users often turn to social media to gather opinions, ask questions, or validate experiences that search engines may
not capture effectively [1, 21]. In the meantime, search engines tend to provide search results that are not
explainable in terms of their existence in the crowed of other documents as well as their rank priority.

Different types of web-based tasks—ranging from informational (e.g., researching a topic), to communicative
(e.g., seeking peer advice), and transactional (e.g., purchasing products)—impose varying information needs and
expectations on users. The suitability of search engines versus social networks often depends on task-specific
contexts, such as urgency, trust, interactivity, and the need for personalized content [11, 25]. Research has shown
that users choose platforms strategically, switching between social and algorithmic tools based on credibility,
response speed, and the complexity of the task [5, 21].

This study seeks to examine and compare the roles of conventional search engines and social networks in
supporting a selection of different significant online user tasks. By analyzing how these platforms mediate
different categories of user activities, from information retrieval to online transactions, this research aims to
understand evolving patterns of web-based behavior and the emerging dynamics of digital tool usage. Moreover,
the research aims to provide recommendations for the design of tools—possibly hybrid—used on the web to find
information using features of search engines and social platforms.

The research problem addressed in this study is the lack of comprehensive, comparative analysis of conventional
search engines and social networks as tools for accomplishing diverse web-based tasks. Although both platform
types are widely used, there is limited understanding of how their respective strengths, limitations, and user
interaction models align with different task categories. In addition, matching the user task to the tool(s) available
is need to improve the design and implementation of those tools for a better information seeking accomplishment
process.

In this study, five representative web-based tasks have been selected for investigation: information retrieval,
communication, online shopping and e-commerce, learning and education, and online transactions and
reservations. These tasks were chosen because they encompass a broad spectrum of user activities that reflect both
everyday and specialized online behaviors. Information retrieval and communication represent fundamental uses
of the web for knowledge acquisition and interpersonal interaction, while online shopping and transactions capture
the growing importance of digital commerce and financial management.

Learning and education highlight the increasing reliance on digital platforms for acquiring knowledge and skills,
especially in the context of remote or self-directed learning. Focusing on these five tasks allows for a manageable
yet comprehensive comparison of conventional search engines and social networks, as they collectively represent
key dimensions of how users engage with the web today, enabling a thorough exploration of platform suitability,
effectiveness, and user preferences.

The remainder of this paper is organized as follows. Section 2 illustrates work in the literature related to this
project. Section 3 explains the user study in detail. Section 4 presents the study results which are further discussed
in Section 5. Section 6 completes the paper by providing the recommendations and concluding the research.

Literature Review

As the web evolves and new paradigms emerge, users employ a range of tools—including conventional search
engines and social networks—for accomplishing different web-based tasks. This literature review synthesizes
existing research, including the use of conventional search engines in supporting different types of tasks, the
utilization of social platforms in the realm of web tasks, and a comparison of the two types of platforms supported
by recent research that covers how newer tools and contexts shape platform choice.

Conventional Search Engines

Conventional search engines like Google and Bing remain the dominant tools for general information retrieval
due to their precision, ranking algorithms, and access to authoritative sources [7, 8]. In a longitudinal analysis of
web queries, the research in [8] found that search engines were primarily used for navigational and informational
tasks, with users refining queries as their understanding evolved. Similarly, the work in [7] provides a foundational
discussion on search interfaces, showing how features like query suggestions, faceted navigation, and snippet
previews improve IR effectiveness.

Building on the aforementioned research, [24] introduced the concept of exploratory search, highlighting how
users often engage in iterative querying and browsing when their needs are complex or ill-defined. Prior to this,
[9] explored click-through data as implicit relevance feedback, showing how search engines adapt to user behavior
to refine result rankings over time.

14 | African Journal of Advanced Pure and Applied Sciences (AJAPAS)



Social Networks

A growing body of work, however, recognizes that users increasingly rely on social platforms such as Reddit,
Twitter, Facebook, Quora, and Instagram for information retrieval, especially for experiential, subjective, or
socially contextualized queries. The research in [16] demonstrated that users often turn to their social networks
for recommendations, opinions, and personal experiences, complementing algorithmic search by filling gaps
where search engines fall short. The researchers in [19] examined Twitter as a real-time question-and-answer
service, finding that the platform often yields faster, more up-to-date, and tailored responses than traditional
sources. Similarly, the work in [4] explored how social relevance—likes, retweets, and comments—helps users
Savolainen [21] argued that in everyday life information-seeking (ELIS), social media becomes a key tool for
non-expert users to form opinions and make personal decisions. The researcher’s in [18] conducted a systematic
review showing how health professionals use social media platforms to retrieve peer-generated advice,
particularly for ambiguous or sensitive issues. Gazan [6] noted that social Q&A communities such as Yahoo!
Answers—and more recently Reddit and Quora—function as knowledge-sharing ecosystems, where relevance is
socially constructed rather than algorithmically inferred.

Search Engines vs. Social Networks

Comparative research has begun to explore the complementarity between traditional search and social networks.
Efron and Winget [5] compared search behaviors on social question-and-answer platforms versus search engines,
finding that users preferred social answers for subjective or open-ended queries, whereas search engines were
preferred for fact-based needs. Oeldorf-Hirsch et al. [17] showed that people often verify social media information
by cross-referencing it with search engines, highlighting a trust gap. Liu et al. [14] studied how users switch
between platforms during complex search tasks, observing that social media is used for idea creation and
discussion, while search engines are used for fact-checking and confirmation.

Newer Tools

Recent studies have extended this line of inquiry, addressing how newer tools and contexts shape platform choice.
For example, the research in[14] examined how users choose between ChatGPT, traditional search engines, and
hybrid approaches during learning tasks. They found that users preferred ChatGPT for generating ideas and
explanations, but turned to search engines for verifying facts—often switching between tools as task demands
evolved. Similarly, Sabei, Patel, and Sun [20] investigated search behavior in workplace instant messaging (IM)
apps versus email and web search. They reported that IM was preferred for quick, situational queries, while web
search supported more structured, information-heavy needs, shaped by task urgency and audience.

Kamalloo, et al. [10] introduced HAGRID, a dataset for human—LLM collaborative information seeking, to
address the lack of attribution in LLM-assisted search. Their findings showed that users favored LLMs for creative
or exploratory tasks when citations were provided, suggesting a strong link between trust, task type, and tool
choice. The work of [23] proposed that Al agents combining retrieval, planning, and execution capabilities
outperform conventional search on planning-heavy, multi-step tasks but still rely on user verification for factual
accuracy, underscoring the importance of aligning tools with task needs.

The research in [12] explored how learners plan and execute search strategies during learning tasks. They found
that learners adapted their search behaviors depending on task difficulty and suggested that predictive models
could recommend appropriate tools for different phases of learning. The work of [11] showed through surveys
and experiments that factual and structured tasks led users to prefer search engines, while subjective, experiential,
and social tasks prompted users to turn to social media. Their study also highlighted how perceived credibility
and response speed influenced these decisions.

Savolainen [22] similarly found that socially contextualized, subjective, or situational tasks—such as health or
lifestyle decisions—are often addressed using peer-generated social content, while algorithmic tools dominate for
verifiable facts. The research in [1] emphasized how social platforms support subjective information needs by
fostering trust and relevance through community interaction, contrasting with the ranking algorithms of search
engines. Finally, [5] and [13] documented how users orchestrate multiple tools during complex searches—often
starting with social media or forums to gather ideas and then moving to search engines for validation and fact-
checking.

However, most of these studies are now dated, and the landscape of the web has evolved significantly in recent
years. To better understand these shifts, this research seeks to examine the current role and effectiveness of both
conventional search engines and social networks in supporting various online tasks. As the nature of web-based
activities becomes more diverse and complex, it is likely that the tools used to accomplish these tasks have also
adapted—potentially leading to changes in their design, functionality, and user interaction patterns. This review
highlights a clear research gap: although the use of individual platforms has been extensively studied, there is a
lack of comparative research that examines the suitability of different platforms across a broad range of web-
based tasks. This study aims to fill that gap by systematically evaluating both conventional search engines and
social networks in the context of five commonly performed user tasks.
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User Study

In order to complete this research, user tasks on the web were categorized based on research conducted in the field
of HCI. The classification yielded twelve important types of tasks shown in Table 1. A controlled lab experiment
was conducted to examine the extent to which search engines and social networks support the completion of five
distinct types of online tasks that were selected from Table 1. Those tasks include information retrieval, e-
commerce, online learning, media consumption, and social engagement. The study methodology is detailed below.

Table 1. List of Common Web User Tasks
Sources [3, 5, 7, 15, 16, 24]

# Task Category Example Task
1 | Information Retrieval Find current expert-recommended practices for reducing screen time
in children.
2 | Online Shopping and E- Compare user reviews and pricing for wireless noise-canceling
Commerce headphones under $200.
3 | Learning and Education Identify the best online resources or communities for learning basic
web development.
4 | Entertainment and Media Find suggestions for highly rated documentaries on climate change.
Consumption
5 | Social Networking / Social Explore how users on social platforms are reacting to the latest tech
Interaction product launch.
6 | Health and Wellness Look up peer experiences with a new medication and its side effects.
7 | Professional or Workplace Gather examples of effective marketing strategies for a business
Tasks proposal.
8 | Decision Making and Evaluate which graduate program best suits your career goals based
Comparison on curriculum, reviews, and costs.
9 | Problem Solving / Find step-by-step guidance to fix a smartphone that won’t turn on.
Troubleshooting
10 | Planning and Coordination Plan an itinerary for a 7-day trip to Japan, including hotel, sights, and
transportation.
11 | Creative and ldea Generation | Brainstorm party themes and decoration ideas for a birthday
celebration.
12 | Verification and Fact- Confirm if a viral news story about a celebrity is accurate.
Checking

Study Population

The study used a sample of adult internet users who actively engage in various online tasks. The population
included individuals from different demographic backgrounds, occupations, and levels of digital literacy to ensure
that findings reflect a broad range of web usage behaviors and preferences. Participants were regular users of both
conventional search engines (e.g., Google, Bing) and at least one social networking platform (e.g., Twitter, Reddit,
Facebook, Instagram, LinkedIn). All participants had a working knowledge of the concept of user task on the web.

Study Design

This study used a within-subject, task-based experimental design, in which each participant performed a series of
structured tasks using both their choice of conventional search engine (e.g., Google) and one or more social
networks of the participant’s choice (e.g., Twitter, or Facebook). The purpose was to evaluate the relative
effectiveness and user perceptions of these two types of platforms across distinct categories of online tasks.

A total of twenty-five participants were recruited from a university environment, representing diverse academic
backgrounds and levels of digital literacy. Each participant completed five representative web-based tasks,
carefully selected to reflect a range of real-world digital activities as shown in the following section. Each
participant had completed the same task twice—once using a conventional search engine and once using a social
networking platform. The order of platform usage was counterbalanced to control for order effects.

Study Tasks

To evaluate the comparative effectiveness of search engines and social networking platforms, participants were
asked to perform five representative online tasks reflecting common digital behaviors. These tasks were carefully
selected to cover a diverse range of real-world scenarios. Each task was designed to require meaningful interaction
with digital content, enabling a comparison of how each platform type supports different user needs. The tasks
were crafted to be realistic, relevant, and varied in cognitive demand to ensure comprehensive assessment across
contexts.
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1. Information Retrieval
Example task: “Find current expert-recommended practices for reducing screen time in children.”
2. Online Shopping and E-Commerce
Example task: “Compare user reviews and pricing for wireless noise-canceling headphones under
$200.”
3. Learning and Education
Example task: “Identify the best online resources or communities for learning basic web development.”
4. Entertainment and Media Consumption
Example task: “Find suggestions for highly rated documentaries on climate change.”
5. Social Networking
Example task: “Explore how users on social platforms are reacting to the latest tech product launch.”

Study Procedure

Participants were first provided with a brief orientation outlining the study objectives, usage instructions, platform
access, and consent procedures. Each participant completed all five tasks on both platform types—search engines
and social networks. To minimize order and learning effects, the sequence of tasks was randomized for each
participant. Throughout the sessions, user interactions were recorded using monitoring tools and think-aloud
protocols. Following the completion of each task on a given platform, participants completed a short post-task
survey to evaluate their experience. The post-task survey is detailed as follows.

Study Results

This section presents the results of the experimental study, highlighting both quantitative and qualitative findings.
The data were collected through structured post-task surveys and observational protocols, capturing participants’
experiences and performance across five online tasks using both search engines and social networking platforms.
Quantitative measures include average ratings on usability, trust, satisfaction, and task success, while qualitative
feedback offers insights into user preferences, challenges, and perceived platform strengths. Together, the results
provide a comprehensive comparison of how each platform type supports different categories of online web user
tasks.

Quantitative Results Summary (Averages by Task and Platform)

The study measured user experience across five representative digital tasks performed on both conventional search
engines and social networking platforms. Each task was rated on six Likert-scale metrics, including ease of finding
information, satisfaction, trust, usability, intent for future use, and decision confidence. The results are shown in
Table 2 and further illustrated in Figure 1.

Table 2. Quantitative Results.

Sek o1 Trustin Ease Future
Task Platform | Finding | Satisfaction P Confidence
Info Sources | of Use Use

1. Information SE 4.7 4.6 45 48 4.6 4.4
Retrieval

SN 3.3 3.4 3.1 4.2 3.1 3.0

2. Online SE 4.4 43 42 4.6 43 42
Shopping

SN 3.6 3.8 3.3 4.0 3.5 3.6

3. Learning & SE 45 45 44 4.6 45 43
Education

SN 3.5 3.6 3.1 4.0 3.2 3.1

4, Entertainment SE 4.2 4.3 4.0 45 4.3 4.0

SN 4.1 4.2 3.8 4.3 4.0 3.9
5. Social

Reactions/News SE 3.9 3.7 3.6 4.4 35 3.6

SN 4.4 4.5 4.3 4.6 4.5 4.4
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Average Task Performance Ratings by Platform
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Figure 1. A Depiction of the Quantitative Results.

Quantitative Findings (User Performance Data)

In addition to subjective ratings, objective interaction metrics were collected to evaluate user behavior during task
completion. These included the average time spent on each task, the number of clicks performed, and the number
of result pages or links opened (“hits”) on both search engines and social networking platforms.

Table 3. Quantitative Results (User Performance).

Type of Task Platform Time Spent (s) Clicks Hits Opened
Information Retrieval SE 95 7 3
SN 128 12 6
Online Shopping SE 93 7 3
SN 145 13 6
Learning & Education SE 92 6 3
SN 132 11 5
Entertainment SE 92 8 3
SN 101 8 7
Social Reaction SE 80 8 5
SN 135 11 7

As shown in Table 3, participants generally completed tasks more efficiently when using search engines, with
lower average time and fewer clicks and hits across most tasks. For example, tasks such as information retrieval,
online shopping, and learning required approximately 30-50 seconds less on average when performed using a
search engine compared to a social network. Additionally, users typically clicked fewer links and opened fewer
pages on search engines, suggesting more focused and direct navigation.

On the other hand, social networks consistently showed higher interaction counts, particularly in the 'Social
Reaction' and 'Entertainment’ tasks, reflecting a more exploratory, discussion-driven search behavior. These
patterns reinforce the earlier findings from subjective feedback, highlighting how task type and platform structure
influence user strategy and interaction depth.

The ANOVA tests reveal statistically significant differences between the two platforms (search
engines and social networks) for all three behavioral metrics: time spent, number of clicks, and
number of result pages (hits) opened. The p-values for each metric are well below the conventional
alpha threshold of 0.05, confirming that the observed differences in user interaction patterns are not
due to random variation. The ANOVA results are shown in Table 4.
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Table 4. Quantitative Results (ANOVA test Results).

Metric F-statistic p-value Interpretation
Time Spent 23.35 0.0013 Significant difference between platforms
Number of Clicks 17.19 0.0032 Significant difference between platforms
Hits Opened 26.13 0.0009 Significant difference between platforms

Users consistently spent more time, made more clicks, and opened more result pages when completing tasks on
social networks compared to search engines. This supports the interpretation that search engines offer a more
efficient and focused experience, particularly for tasks that require direct access to structured information. In
contrast, the higher interaction rates on social platforms suggest a more exploratory and conversational behavior,
possibly driven by the decentralized and user-generated nature of content.

Quialitative Findings (Summarized from Open-Ended Questions)

Participants reported distinct challenges on each platform, depending on the type of task. For Information
Retrieval in addition to Learning and Education, search engines were generally effective but sometimes
overwhelming, with too many results and difficulty assessing which source was most reliable. On social networks,
participants found it challenging to locate factual or structured information but appreciated discovering niche
insights and personal experiences. For Online Shopping, search engines helped users compare products and find
deals efficiently, but advertisements cluttered the experience. Social networks posed challenges with scattered or
unverified seller information and inconsistent reviews. When engaging in Entertainment and Social Reaction
tasks, participants noted that search engines felt impersonal and less engaging, while social networks sometimes
led to distraction or irrelevant content, though they offered richer interaction and real-time reactions.

Trust also varied by platform and task. Search engines were trusted more for Information Retrieval, Learning and
Education, and Online Shopping, as they provided access to recognizable brands and authoritative sources.
Participants, however, were cautious about paid placements and potential bias in ranking. Social networks earned
trust particularly for Entertainment and Social Reaction, where personal recommendations, trending content, and
peer validation mattered more. Nonetheless, concerns about misinformation, biased opinions, and lack of
transparency persisted. The platforms influenced participants’ strategies. Search engines supported focused, goal-
oriented approaches, especially for factual and transactional tasks. Social networks fostered exploratory,
conversational, and community-driven behaviors, particularly for social and entertainment purposes. Preferences
aligned with these tendencies since most participants preferred search engines for educational, shopping, and
informational needs, while favoring social networks for entertainment and engaging with others’ reactions.

Discussion

The study findings demonstrate clear differences in user experience and interaction behavior across search engines
and social networking platforms, shaped significantly by task type. Quantitative ratings indicated that search
engines were generally more effective for tasks involving structured, factual, or goal-directed information, such
as information retrieval, online shopping, and educational exploration. In contrast, social networks performed
better in socially driven or subjective tasks, particularly in capturing real-time reactions or exploring community
sentiment, as seen in the social reaction task. These patterns were supported not only by self-reported satisfaction
and usability ratings but also by objective interaction metrics such as time spent, number of clicks, and number of
result pages (“"hits") opened.

Extended interaction data revealed that participants spent significantly more time completing tasks on social
networks than on search engines. For example, while the average time for completing the information retrieval
task using a search engine was 95 seconds, the same task took 128 seconds on a social platform. This pattern was
consistent across most tasks, with social networks requiring more clicks and a higher number of opened pages.
These trends suggest that while social platforms may offer richer, community-driven insights, they often demand
more effort from the user to locate, interpret, and verify information.

The statistical analysis confirmed the reliability of these observed differences. One-way ANOVA tests conducted
on each interaction metric—time spent, number of clicks, and hits opened—yielded statistically significant results.
These results provide robust evidence that platform design and content structure influence user interaction patterns
in measurable ways.

Qualitative feedback further contextualized these findings. Participants described search engines as efficient and
reliable but occasionally overwhelming due to the volume of results. Social networks, while seen as less
structured, were appreciated for offering diverse perspectives and real-life experiences, particularly in exploratory
or opinion-based tasks. However, users also noted that useful content was often buried within lengthy threads or
casual discussions, increasing the time and effort required to complete tasks.
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The overall findings highlight the importance of task-platform alignment in digital information seeking. Search
engines facilitate speed and precision, making them ideal for tasks requiring authoritative information or efficient
decision-making. Social networks, on the other hand, support discovery, sentiment exploration, and peer-based
learning, albeit with greater cognitive and temporal cost. These insights suggest valuable opportunities for hybrid
systems that combine the strengths of both platforms, enabling users to access structured information and
community insights within a unified interface.

Design Recommendations for Web Tools Supporting the Selected Tasks

Information Retrieval Tasks

To improve credibility, web tools should integrate trust indicators like verified sources, citations, or community
endorsements. Exploratory search can be enhanced with features such as query expansion, topic overviews, and
visualizations of related concepts. Interfaces should blend algorithmic results with user input, such as sidebars
showing community comments. Summarization tools are also essential to help users extract key points from
long documents quickly.

Online Shopping and E-Commerce Tasks

Users benefit from side-by-side product comparisons showing prices, reviews, and features to reduce decision
fatigue. User-generated content like ratings and photos should be highlighted and clearly separated from
sponsored results. Real-time social feedback, such as peer chats or Q&A forums, adds valuable experiential
context. Personalized filters should adapt to user needs while maintaining transparency about how
recommendations are generated.

Learning and Education Tasks

Platforms should support multi-phase learning, offering tools for both exploration and verification to match
shifting user strategies. Community features like discussion threads and expert Q&A foster deeper engagement
and diverse perspectives. Progress tracking and adaptive recommendations tailored to learner ability can guide
users effectively. Creative idea boards and structured study guides should support both brainstorming and focused
work.

Entertainment and Media Consumption

To support discovery, platforms should offer curated playlists, trending content, and personalized suggestions,
while keeping filters user-controlled. Displaying engagement metrics like likes and shares helps users assess
relevance. Interfaces should allow seamless shifts between passive viewing and active participation, such as
joining discussions. Accessibility and continuity across devices are key for casual, mobile-first usage.

Social Networking Tasks

Trust can be strengthened through reputation scores, verified identities, and content moderation tags. Real-time
interaction should be supported through live updates and threaded conversations. Tools should allow easy sharing
and verification of content across platforms. Platforms should prioritize personal, subjective content—such as
stories and opinions—over purely factual updates to reflect how users engage socially.

Cross-Cutting Hybrid Design Suggestions

Interfaces should dynamically adapt to the task type, whether factual, social, or creative. Task detection based

on user behavior and context can guide interface adjustments and tool recommendations. Finally, users should
be given transparency and control, including the ability to toggle between algorithmic and social content views
for better alignment with task needs.

Conclusion and Future Work

This study shows that search engines excel at structured, factual tasks, while social networks are better for
exploring opinions and sentiment. Users engage more deeply with social platforms, reflecting their exploratory
nature. These insights suggest the need to match tools to task types and explore hybrid systems that combine both
strengths. Future research should focus on identifying user tasks, developing supportive design patterns, and
exploring additional task types to guide tool design and feature development.
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